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ABSTRACT METHODOLOGY EXPERIMENTS AND EVALUATION Weight Sensitivity in the Hall environment

To test the effect of weights, we vary the value of a single weight in

We demonstrate our framework’s practicality when designing and
the range [0-1] while keeping the values of the other weights at 0.5.

Diversity among agents' behaviors and heterogeneity in virtual Training Scene - Observations - Actions . e
authoring realistic scenes. We showcase one case study, a museum

crowds in general, is an important aspect of crowd simulation as it is
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reward function that changes dynamically during training. The
importance of each separate sub-behavior is added as input to the Parameterized Reward Function
policy, resulting in the development of a single model capable of

Density Sensitivity in the Crossing environment

. . We select set of weights reflecting behavior's effect profoundly.
A set of values {w,, W, Wgr, w; } define a profile of an agent.

enabling dynamic run-time manipulation of agent profiles; thus, 1.4 —om 10 — o 16
allowing configurable profiles. Our system provides users with the Event Symbol Base Reward Weight Dense 12 — Srepe— " Growp 1
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profiles and assign different profiles to groups of agents. Moreover, Agent Collision R e Wes N Eos 2 6 g "
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scenes with more intricate environment layouts. our method as compared to simulation — orow
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Where did Steve go? Training Strategy Simulation Environments 2 R S We present a Reinforcement Learning based training method,
We use a simple Fully Connected Neural Network (FCNN) and the [ %0-4 ) capable of successfully learning multiple behaviors concurrently.
I'm here guys. \ Proximal Policy Optimization (PPO) algorithm. We utilize a Our system is useful for creating heterogeneous crowds, enabling
curriculum-based method during training; we gradually increase the 0.2 F—cer man users to assign behaviors and have intuitive control at run-time. The
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difficulty of the environment and behaviors the agents have to face. — ;Owle\;vﬁawa!nz | generalizable qualities of our approach, both in terms of crowd size
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and environmental layout, further solidify our system as an efficient
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